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Abstract. This pilot study is part of an interdisciplinary project –rooted in communica-
tion science as well as AI research on dialogue systems– that aims to explore the poten-
tial of adapting conversational systems to different age groups. The main objective of the 
pilot is to gain insights in users’ perceptions of their interactions with a non-adapted 
state-of-the-art system (i.e., GPT-2 not conditioned towards a specific age group). This 
provides necessary input for the next steps in the project, particularly for the set-up of the 
final experiment and the dialogue scripts that we will develop. The pilot consists of in-
depth interviews (N=6) with members of two distinctive age groups (19-29 years versus 
50+ years), and the results focus on participants’ perceptions of the system’s language 
style, their appreciation, perceived comprehensibility, social presence, anthropomor-
phism, and trust. Implications for the adapted system and the dialogue scripts are dis-
cussed.  
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1 Introduction 

Interaction with artificial agents has become ubiquitous in people’s everyday life. 
Such conversational agents should ideally be able to adapt to the human users. In fact, 
a growing body of research in communication science shows that, to be effective, 
communication should be tailored to the needs of individuals or groups [21]. 

Recent studies in Natural Language Processing (NLP) have paid preliminary atten-
tion to dialogue models that can mimic users’ style and personal traits [12, 23]. How-
ever, state-of-the-art AI systems currently lack sophisticated adaptation capabilities 
[9]. Our long-term goal is to develop artificial agents that can adapt to individuals and 
user groups at any level (age, expertise, language style, etc.). 

To take a first step towards this goal, the current interdisciplinary project –rooted 
in communication science as well as AI research on dialogue systems– aims to ex-
plore the potential of adapting conversational systems to different age groups. The 
focus on age groups is pertinent, because users’ information processing and reading 
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comprehension change as they age [11, 28], whereas research also shows age differ-
ences in motivations for and acceptance of chatbot communication [26]. The societal 
relevance of this interdisciplinary undertaking is that in an inclusive society users of 
all age groups should be able to communicate satisfactorily with the growing amount 
of AI-enabled conversational agents. 

The overall hypothesis guiding this project is that when a conversational system is 
adapted to the user’s age group, users will perceive the system more “favorably” 
(compared to a not-adapted system). Thus the project’s key questions are: (1) Can 
some degree of adaptation be achieved by training a state-of-the-art system with data 
targeted to specific age groups? (2) Does this lead to differences in, particularly, ap-
preciation, comprehensibility, social presence, anthropomorphism, and trust? To an-
swer the second question, we conduct two pilot studies, i.e. two rounds of qualitative 
interviews, and a final experiment to test the effectiveness of the adaptation. The cur-
rent position paper presents the findings of the first pilot study. 

1.1 The Adapted System and Objectives of the Pilot Study 

 
In the project, adaptation of the system towards specific age groups will be achieved 
by conditioning the language generated by a state-of-the-art Transformer-based lan-
guage model, GPT-2 [3] towards one or the other age group. We focus on two distinc-
tive age groups, i.e., 19-29 years versus 50+, leaving out the 30-50 years group, to 
increase the changes that the two groups use distinctive language and that thus the 
adaptation is successful and leads to “favorable” perceptions.  

More specifically, this adaptation is achieved by controlling the output of the pre-
trained underlying language model by means of a (relatively small) text classifier, 
which is trained to distinguish age-group specific language from the annotated British 
National Corpus (BNC) data [17]1. Our preliminary analysis of the BNC shows that 
text-based NLP models indeed detect stylistic and lexical differences between the two 
age groups. Particularly, we found differences in formality and “slang” use  [14]. In 
the final experiment we will test the hypothesis that users have more “favorable” 
evaluations of the adapted system, i.e., a version of GPT-2 conditioned on one specif-
ic age-group. In other words, the expectation is that the detected stylistic and lexical 
differences have an impact on users’ evaluations of the interactions.  

The participants of the pilot study (belonging to either the 19-29 years group or the 
50+ group) interacted with the non-adapted system (i.e., GPT-2 not conditioned  to-
wards a specific age group). The main objective of this round of interviews (N = 6) is 
to gain insights in users’ perceptions of their interactions with GPT-2. This provides 
necessary input for the set-up of the final experiment and the dialogue scripts that we 
will develop, which is particularly called for because GPT-2 is a language generation 
model and is in itself not designed to be a conversational system. In other words, the 

 
1 Note that this method, which is referred to as the Plug-and-Play Language Model (PPLM) [7], 

operates at the level of the language model's activation space. That is, no further training or 
fine-tuning of GPT-2 is needed -- i.e., the big model is left untouched. 
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pilot study gives information that pushes forward the project, but obviously -with this 
small sample size- the pilot is not intended to make generalizations regarding age 
differences in perceptions of a conversational system.  

2 Background 

This section provides a brief overview of the user perceptions that the pilot study 
focuses on.  

2.1 Language Style and Comprehensibility 

The system adaptation will mainly center around stylistic and lexical differences 
between the two age groups. To better understand how users perceive a conversation-
al system’s language style, the pilot study first openly asks: “How do users evaluate 
the language style of the (non-adapted) system? In what ways do users experience the 
language style as appropriate (or not) for their age group?” This also helps to explore 
whether the age differences in for instance “slang” [14] are also put forth by the users.  

We specifically tapped into perceived level of formality, and opinions about this, 
because our BNC analysis shows that age groups differ in formality level in their 
language [14], and this aspect of language style was also mentioned by interviewees 
in previous qualitative research on customer service chatbots [27].  

In light of age-related changes in reading comprehensibility [3], and our hypothesis 
that comprehensibility will be higher for an age-adapted system, the study also asks: 
“To what extent do users understand the system’s output sentences?” 

2.2 Appreciation 

Research on responses to media entertainment has looked into “appreciation” as audi-
ence response, to recognize that viewers may find some entertainment gratifying in 
ways that differ from enjoyment per se [22]. Relatedly, for appreciation of conversa-
tional systems it is relevant to take enjoyment as well as other variables into account. 
To this end, the Technology Acceptance Model [4, 19] proves useful, since it deline-
ates variables such as perceived ease of use and perceived usefulness. The pilot study 
looks into the overall assessment of the interaction by asking “How do users appreci-
ate the system?” and more specific questions such as “What did users enjoy?” and 
“What did they find easy or difficult?” 

2.3 Social Presence  

Among the several definitions of social presence that are available in the literature, a 
particularly often-cited one reads: “the sense of being together with another” [2, p. 
456]. They noted that this other can be either a human or artificial intelligence. The 
pilot study asks: “In what ways do users experience the interaction with the system as 
communication and as a conversation?” 
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2.4 Anthropomorphism 

Anthropomorphism has been defined as “the assignment of human traits and char-
acteristics to computers” [20, p. 82]. In experimental research on the effects of hu-
man-chatbot communication, typically measures of both mindless and mindful an-
thropomorphism are used [1, 13, 15, 29]. The pilot study also uses these measures. 
For mindless anthropomorphism, the research question is: “To what extent do users 
experience the non-adapted system as friendly, personal, social and intelligent, and 
why?” For mindful anthropomorphism, the question is: “To what extent do users ex-
perience the non-adapted system as human-like or machine-like, and why?” 

2.5 Trust 

Research has consistently shown that trust is multidimensional and consists of many 
interrelated factors [8, 16, 18]. Elkin and Derrick’s measurement consists of 15 word 
pairs, of which some overlap with mindless anthropomorphism (e.g., friendly, likea-
ble) whereas others do not seem to be applicable in our context (e.g., qualified, 
skilled). The current study focuses on two relevant elements of trust, and asks: “To 
what extent do users experience the non-adapted system as competent and as relia-
ble?” 

3 Method 

3.1 Interviews 

The data collection was approved by the Ethics Review Board of the project team’s 
university, and all participants signed an informed consent form prior to the inter-
view. The interviews (N=6) were conducted by the second author, who was a Re-
search Master student (male, in his twenties) assisting in this project. He conducted 
the inter-views through Zoom, in June 2021. The interviews were conducted in Eng-
lish, lasted between 47 and 68 minutes, and were transcribed verbatim by the inter-
viewer. Interviewees were selected using the following criteria: English as mother 
tongue, preferably UK as country of residence, and belonging to one of the two age 
groups. The interviewer used convencience sampling and snowball sampling to find 
persons that fulfilled these criteria. Background characteristics of the six participants 
can be found in Table 1. In the younger age group, ages varied from 21 to 24 (two 
females, one male), and in the older age group, ages varied from 55 to 75 (two males, 
one female).  

Conversational System. After the introduction of the interview, the participant 
was asked to interact with the system. The interaction lasted 15 to 20 minutes, and 
was about three topics: holidays, food, and hobbies. These topics were chosen be-
cause they are equally relevant for both age groups, and well-represented in the BNC 
(i.e., the corpus we will later use for our adapted system). Each conversation started 
with a prompt from the system: “Tell me about your latest holiday”, “Tell me about 
your favorite food”, and “Tell me about your hobbies”, for each topic respectively. 
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This was done to encourage participant’s self-disclosure [25], because the system’s 
self-disclosure may be awkward or inconsistent across multiple turns.  

The participants typed their input into a Telegram chat environment. They were in-
structed to express themselves in a narrative way, enter two or three sentences each 
time, and to continue interacting with the system until they received three to five re-
sponses. They were encouraged to express any thoughts out loud. We used a Wizard-
of-Oz set up [6]: another project member, who was not present in the Zoom session, 
was the “Wizard” and received the participant’s input, entered it into an online inter-
face powered by HuggingFace to obtain a full sentence generated by GPT-22. The 
“Wizard” then copied this output in the Telegram environment. An example of an 
interaction can be found in Appendix 1. The interviewer referred to the conversational 
system as a “system”, since we were not interested in a Turing test, in which we 
would assess who or what the participants think they are communicating with [5, 10].   

Interview Guide. After the interaction, the interview guide contained eight main 
topics in this order: overall experience with the conversational system, social pres-
ence, appreciation, language style, comprehensibility, mindless anthropomorphism, 
trust, and mindful anthropomorphism. Subsequently, the interviewer asked about 
previous experiences with chatbots, digital skills and background characteristics. 

Most of the topics started with an open question, e.g. for topic 1: “What is your 
overall impression of the interaction you just had?”. We tapped into social presence 
by asking “To what extent did you experience the interaction as communication? And 
as a conversation? What makes you feel this way?” For anthropomorphism and trust, 
we used 7-point scales that are frequently used in experimental research [15]. Partici-
pants were asked to rate how formal the language was; how friendly, personal, social, 
intelligent (mindless anthropomorphism), how humanlike versus machinelike (mind-
ful anthropomorphism), and how competent and reliable the system was. Participants 
gave a score on these items and were then asked what led to this score. During the 
final debriefing, participants were informed about how the system worked and given 
the opportunity to share final thoughts or questions. 

3.2 Data Analysis 

Two of the project’s researchers, i.e. the first and third author, analyzed the inter-
views: They read the transcripts line-by-line and summarized very precisely per par-
ticipant what they had said for each topic. They discussed their observations through-
out the process. Subsequently, they made summaries per topic, which are presented 
below. The two researchers discussed the findings with the other project members, 
especially to understand their implications for the adapted system. 

 
2 In particular, we experimented with GPT-2 medium with default parameters. We chose to use 

this interface for our study since it enables to obtain real-time responses by a system. The 
online interface is available at: https://transformer.huggingface.co/ 
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4 Results 

4.1 Language Style and Comprehensibility  

The participants were fine with the language style; they said things like “language 
style was okay” (P3, 75 years, female). Some noted that the sentences were grammat-
ically correct. They mentioned that the language was quite simple, and thus, in terms 
of comprehensibility, the sentences were clear to them.  

All participants, representing both age groups, deemed the language appropriate for 
their age group: “Language style is actually appropriate to any age group, because it's 
in the middle. It's perfect for any age group” (P1, 24 years, female). However, several 
characteristics were mentioned that would make the language style even more appro-
priate for the younger group: slang, spelling mistakes and sentences that are less 
grammatically correct, emojis, images and videos. Participant 2 (21 years, male) re-
lated this to the way in which young people type messages:  

Usually people react when they're texting, they react not just with full sentences, 
but sometimes they react by saying, haha, or things like that are also like spelling 
mistakes. You know, when we're typing usually, we type fast and we don't, we 
don't really look to correct ourselves or something like that. Like, cut, we use 
slang, we cut a lot of our words. 

Similarly, participant 4 (24 years, female) remarked that the punctuation was neater 
than in youngsters’ chat messages. She said that people use slang, like “dope”, and 
that images can make it fun. Without images it made her feel “like maybe billions of 
years old”.   

The older group deemed swearing and foul language as inappropriate for them. As 
participant 5 (55 years, male) said: “Most older people probably don't appreciate bad 
language or swearing. But certainly the younger age group does”. Among these par-
ticipants, the opinions about adding emojis were mixed.  
 In terms of informal-formal language, the typical score was 5, i.e. leaning towards 
the formal side. As participant 2 (21 years, male) said: “That works for me; it is a 
casual topic, so language does not have to be formal. In the middle, not too informal, 
not too formal”. Only participant 5 (55 years, male) gave a score on the informal end:  
“it was informal, it felt comfortable”.   

4.2 Appreciation 

On the positive side, the interaction was experienced as enjoyable, playful; all partici-
pants said it was easy. “Enjoyable, because trying to get to know me, which is a fun 
thing” (P4, 24 years, female), or a little bit less excited: “don’t think enjoyable is the 
right word... It was okay. It was not a burden. But um, yeah, it’s okay”. (P6, 60 years, 
male).  

On the negative side, it stood out that the system’ response time was too slow. As 
participant 5 (55 years, male) said: “The obvious thing that is somewhat frustrating is 
the time delay, the wait for those responses”. Participant 2 (21 years, male) explained 
it as follows: “it was a little bit slow because it has to process a lot of information”.  
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Participants also noted that to be able to assess the system, they need to be aware 
of the system’s function. For instance, participant 3 (75 years, female) mentioned: “I 
do not know what the background of it is, it is difficult to assess”.  

4.3 Social Presence 

The participants said that the interaction with the system felt like a conversation and 
like communication. According to Participant 2 (21 years, male): “The conversation 
was good; good follow-up questions. Only in the end the system made a mistake […] 
It was asking me about me. Yeah, but it was also ready to give information about 
itself. It was a two-way street”. And Participant 6 (60 years, male) said: “if somebody 
told me that that was a conversation with a person, I would have believed that I think. 
[…] It was responding to a comment by me by making a comment itself which corre-
lates with what I ask”. Participant 3 (75 years, female): “If you were desperate, that 
you have no company at all, you could get to know it. And you probably even begin 
to like it”. 

However, there were problems as well. The system’s self-disclosure was problem-
atic at times, for instance when the system’s output read “my last holiday was with 
my mother, who died. […] It was just a tragedy”. It made participant 1 (24 years, 
female) feel uncomfortable: “This does not make sense and is quite morbid”. Interest-
ingly, some participants explicitly asked for the system’s self-disclosure: “And what 
about you?” 

Participants also observed problems with contingency, i.e., with how the responses 
of the system related to what they wrote. As Participant 6 (60 years, male) noted: “It 
felt like I could have said anything, and it would respond in the same way, I got the 
impression”.   

More specifically, participants emphasized the lack of dialogical cues, in the sense 
of the system directly and preferably emotionally responding to what users are writ-
ing. Participant 1 (24 years, female) would have liked the system to be more polite, 
more personal, more interested, more evaluative, and exhibiting more empathy cues. 
Participant 2 (21 years, male) told the system about his holiday to Egypt and expected 
a response like “oh cool”. Similarly, participant 5 (55 years, male) requested “emo-
tional words”: “It would be nice if the robot evaluated what I said positively and 
showed emotion”. He said: “The mechanical response makes it hard for me to feel 
emotionally connected to it. I knew I was talking to a computer”. 

4.4 Anthropomorphism 

Friendly. Participants rated the system as friendly (score 5 or higher). Participant 4 
(24 years, female) gave score 7: “Like it wanted to know me a little bit better and 
explaining myself. I didn't get any negative comments or something like that. So it 
was something funny”.  

Participants mentioned that the system would seem more friendly if it included 
more emotional cues: “Well, if he was more connected to the emotional experience, 
perhaps, you know, it kind of featured more on the facts...” (P3, 75 years, female). 
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And participant 5 (55 years, male) suggested that it is not possible to be “really 
friendly” with the system, because it is a computer and not a person.  
 
Personal. Some participants did find the system personal (score 6) because it re-
sponded to what the user said, and “prompted you to say things by yourself and what 
you enjoy” (P2, 21 years, male). However, some deemed it not personal (score 2-4), 
because the conversation was not about “personal” intimate topics. For instance: “The 
conversation was just about the general stuff about how I just talked to a general 
friend, not personal others, not any interesting information that's given by the system” 
(P4, 24 years, female). 

Social. Participants rated the system as social (score 5 and 6), because it felt like a 
social interactive experience. However, it was also mentioned that the conversation 
was superficial, and that it would be more humanlike if it had a name and a gender. 
One participant also mentioned that it wasn’t wholly engaging (P5, 55 years, male). 

Intelligent. The system was rated from not very intelligent to very intelligent (scores 
3 -7). Low scores were based on the argumentation that the topic was not intelligent, 
and the vocabulary was basic. On the other end, high scores were based on the obser-
vation that there was a certain level of contingency: “It was responding to a comment 
by me by making a comment itself which correlates with what I ask” (P6, 60 years, 
male). 

Humanlike-machinelike. The ratings varied from humanlike (scores 2-3) to ma-
chinelike (score 5). For instance, participant 4 (24 years, female) perceived it as hu-
manlike because there were correct answers, no repetition, and “it was just like when 
I talked to someone and asked: ‘what's your favorite music?’” At the other end, partic-
ipant 3 (75 years, female) noted that it was robotic because it “lacked the top intuition 
that makes a conversation flow better”. Participant 6 (60 years, male) also refers to 
the flow of the conversation to explain why it did not seem human: “Like it was kind 
of response to a response. He wasn’t responding to what I was saying”. 

4.5 Trust 

Compentent. The system was rated as fairly competent (scores 4-7), because “it was 
clever” (P6, 60 years, male) and because it responded to what the user wrote: “And I 
was surprised that it was able to pick certain things that I said and that reply to that” 
(P4, 24 years, female). 

Reliable. The system was seen as reliable (scores 5.5-7), because it stayed on topic 
(P1, 24 years, female), carried on without any hitch (P3, 75 years, female), and be-
cause it felt like getting to know someone (P4, 24 years, female). However, partici-
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pant 2 brought up that it is unclear what “reliability” means in a machine context, and 
it was also mentioned that the time delay was an issue that reduced the reliability.  

5 Discussion 

The overall aim of this interdisciplinary project is to explore the potential of adapting 
conversational systems to different age groups, and we plan to achieve this adaptation 
by conditioning a conversational system towards a specific age group by controlling 
its generation using age group-specific British National Corpus (BNC) data. The main 
objective of the presented pilot study was to gain insights in users’ perceptions of 
their interactions with the non-adapted GPT-2 model, which provides necessary input 
for the set-up of the final experiment and the dialogue scripts that we will develop.  

The findings of the pilot are promising in light of our endeavour. The interviews 
show that even brief interactions on everyday topics, with the system self-disclosing 
in ways that oftentimes does not entirely make sense, lead users to experience the 
interaction as a friendly and social conversation.  

It is pertinent that participants put forth that with slang, spelling mistakes, and less 
well-formed sentences the system could be made more appropriate for young people, 
whereas for older people especially swearing and foul language should be avoided. 
These suggestions are in line with  previous textual analyses [24] and our analysis of 
the BNC [14] that showed that there is age-group specific “slang”, and that the older 
age group uses more formal language, more grammatically correct sentences, and less 
foul language. In our final experiment we will test whether our age-group specific 
adaptation, using selected data from the BNC which contains these stylistic linguistic 
differences, leads to more “favorable” evaluations (compared to the non-adapted sys-
tem).   
 Moving forward to the second pilot study and the experiment, the main change is 
that we will work with a scripted interaction: Participants will receive a script for their 
input, and the system’s output will be generated prior to the participant’s interaction. 
The main reason for doing so is that in the current synchronous set-up the interaction 
was already too slow, due to the latency of GPT-2. Since the model generation with 
GPT-2 biased to the distinctive age groups will be even more latent, a synchronous 
set-up will not be suitable. The current findings lead to several considerations for 
these scripts:  

Since the participants asked for more “emotional” interaction, we will include ad-
jectives in the input script (e.g., “annoying”, “sad”, “funny”, “interesting”), provoking 
the language model to produce diverse and emotional language as well.  

Moreover, the participants asked for dialogical cues, in the sense that they expect 
the system to care about what they said. Therefore we will explore in the pilot test 
whether it is worthwile to manually add cues like “oh nice” to the generated output.  

Another issue is that we focus on participants’ self-disclosure, whereas scripted 
self-disclosure will feel very unnatural. In the pilot study we will examine whether 
giving participants options to choose from, or sentences with blanks to fill in (e.g., 
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“My last holiday was to …., and the weather was….”) makes it more personal, and 
leads to contingent system output.  

Another aspect is that with our topics (holidays, food, hobbies) the language is ra-
ther straightforward, and therefore language formality and comprehensibility are not 
really at stake. We consider making the interactions longer, and explore additional 
ways of generating more diverse and complicated language.  

The pilot study also teaches that we need to be more explicit about the aim of the 
system, namely being a social or companionship chatbot [25], since characteristics 
such as “slang” or less grammatically correct sentences may be appreciated in a social 
context, but would be less so in for instance a customer service or mental health con-
text.  

And finally, we will explicate that the interviewer and the project team are not the 
ones who are developing the system. Some participants seemed to want to help the 
interviewer (“I will give you a 5”), and were therefore probably less critical about the 
system than they would have been in other situations.   

In terms of limitations of the overall project, it is important to keep in mind that the 
current project focuses on adaptation on a rather general level, which is a first step to 
inspire future work that works on adaptation of conversational systems on an individ-
ual and more granular level.    
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Table 1.  Background characteristics of the participants 

Participant 
nr.  

Gender Age Highest  
obtained  
education 

Student? Mother 
tongue 

Country of 
residence 

Previous 
chatbot  
experience 

1 Female 24 Bachelor Yes 
 

English Netherlands Yes 

2 Male 21 High school Yes 
 

English  
Egyptian 

Netherlands Yes 

3 Female 75 University 
diploma 

No English 
Greek 

UK No 

4 Female 24 Bachelor Yes 
 
  

English UK No 

5 Male 55 Secondary 
school 

No English UK Yes 

6 Male 60 College  
diploma 

No English UK Yes 
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Appendix 
 

Example of interaction with the system: Participant 2 
 
Topic holidays: 
System: Tell me about your latest holidays. 
Participant: The last holiday I went on was back home to Egypt! My cousins and I 
went to the south of Egypt, near the coast. We saw several cultural attractions and 
sights, we also learned a lot about the history of the country. It was a lot of fun!! 
System: There are some cool sites in Egypt. 
Participant:  There are! Do you know any of them? 
System:  I do! I went to the very interesting museum " Ammas", which was one of 
the oldest museums in Egypt, a very special place. 
Participant:  Awesome! I actually haven't been there. When did you go? 
System:  March 
Participant:  Nice. I bet it was the same experience even with COVID... We aren't 
really doing much over there to combat it. 
System:  Can you tell me a little bit more about what COVID is? 
 
Topic food: 
System:  Tell me about your favourite food. 
Participant:  Too many to choose. I think one of my favorites for sure is a traditional 
stuffed pigeon from home. We eat pigeon a lot over there and it's usually stuffed with 
the most amazing herb rice! 
I usually eat it for special ocassions though, as it is quite hard to prepare and takes 
quite some time. 
System:  Tell me about your favorite dessert. The only dessert I haven't made yet is a 
white chocolate dessert. 
Participant:  Hmm.. Probably a traditional egyptian one too. It's kalled konafa 
*called 
System: It's a really good one. 
Participant:  Tell me about yours? 
System:  I try to cook with local resources, especially local fruits and vegetables. I 
make a lot of the dishes myself, just to keep the dishes simple and fresh. 
Participant:  That's always a good idea! Me too. THe more local/fresh, the better. 
Tell me about your best dining experience! 
System:  I think the best dining experience I've ever had was at a local bar. 
 
Topic hobbies: 
System:  Tell me about your hobbies. 
Participant:  I love too cook. I also love to play football, but my knees are not in the 
best shape. So, us talking about food has been really nice! 
System:  And where you from? What country did you grow up in? 
Participant:  I grew up in Egypt for the first half of my life, and then I moved to 
Budapest with my brother and mother. 
You? 
System: I came from Poland, but you're in the middle of Europe. 



16 

Participant:  oh nice. I am in Amsterdam currently. I have been playing football 
since I was 8 years old. I love playing in the midfield... do you play any sports?  
System:  I love to train a lot. I've always wanted to be a great footballer for a long 
time , but after moving to Holland, I just thought that the more I did, the more I would 
get better. 
Participant:  Nice! Holland has some of the best footballers. What position did you 
play? 
System:  I played center-back at the beginning, but when I switched to left back, it's 
because I was always asked to play right back. 
Participant:  Nice! My cousin was a centre-back. He was the best I'd ever seen. What 
other hobbies do you have? 
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